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parameter value

learning rate 0.0001
Regularization(Lasso) coefficient  0.05
dropout rate 0.5

window size 3,4,5

3.4 DEBERICNT SENOFIRIL

FERETREDETIVORGET — 23T % accuracy DfEld
0.74, T AN TF—ZRIZHT % accuracy & 0.75 & ofz. R
HEPIFEETIVIERL, TART—2Z A LTz & EDHGE
M BERRICE A T BE AT S, RYT 1 TR ERZA
NUELLS DHETERBOHEBET L O L, % AT 1 775X
HEANL, ELLSHHETELBORET L OMMED iz
NZN 5 HBEERLIEDONES, 4 THS. TORICEVT, £
T AR F=2OHTHEEED 3 B EOBEOAEE LT
W5,

%3 RIT4THEXHEASIVIELLS AU & EOHEEOHI M
High WD
affecting 6.069
provides 6.015
amusing 5.969
captivating 5.875
solid 5.861

BRIRS ARG LA 7eR SR JC 418 Bm s

£4 IAT 475 HZ AN UIELL H LT & EDREEDOHIE

High WoED T
incoherent 6.071
baked 6.063
thrown 5.866
conceived 5.851
generic 5.782

35 HEOXEESR

JICHIFICRD I BEE L, HEEH LA FFDRIEE & DLk
EIToRERERT. BEEL, REEONEEELN DS 2D
ICHHRI R Z R Tz,

RIT 4 TOREE LR T ¢ 7T OKIEEDOHBEREIZ
0.0816 &5 b, X NT 4 TOEEEXNTT 4 T ORNEED
FARAMREZ 0.0220 L7z 5Tz,

36 ER

DT 21T o To AR, B DY ROV HLEEIC I SRR
VT4 TIRBERERFDWEE, 2T 4 TIRERE R OHENL
, BIEEZEETETCVWIHEELHZTENDh oz, ZD
—HWAENEOEEAL DD, WiROHIED DN & HEk
LTWaEEZLNS.

E2 2 DO OMERN S, B 5 OMHBERED Ml
M0.2 Z FEl-727diZE A EHBN TN EhbhoTz. T
DT EHLHEBERATHRS &, HIEOPEE L EEEORNE
B L TWERWT &g T

4 BbYic

AHIFETIE CNN ZHWVzTF X M EETVICHL, AN
ENTHFRICNT 2 0B ROWA Ml ZRD B T & Tz
A U7, 2 U RO T8 L EBE O HEE DRI E & D
EEMEND D 2D, BRIETEEORIELE & OB E S EfT - 1.
Flz, AT ZHBEDPHEODRMNDICK > THEEHNIELT
BIMENDT-.

FATHIZE Tl CNN 2 W G 31 2 AR T 1L
IKRUT /A RERST TRV ENFER, —a—F)Fw
Y= OHMEZ UL T 2R END S, SHOBEL
LTZENSDOTHEDEAZBIEL TWETZL.

BE X

(1] WOtFZ, HNZLR, BILFIE, AR TS AR e TV
DRI S 2 B#Bin | B HHEEARE, Vol.102, No.10
(2019)

[2] Yoon Kim: [Convolutional Neural Networks for Sentence Clas-
sification] EMNLP, pp.1746-1751 (2014)

[3] Daniel Smilkov, Nikhil Thorat, Been Kim, Fernanda B. Viégas,
Martin Wattenberg [SmoothGrad: removing noise by adding
noise] CoRR, Vol.abs/1706.03825 (2017)

[4] Bo Pang, Lillian Lee:
tionships for sentiment categorization with respect to rating
scales] Proceedings of the ACL (2005)

[5] Stefano Baccianella, Andrea Esuli, Fabrizio Sebastiani [SENTI
WORD NET 3.0: An Enhanced Lexical Resource for Senti-
ment Analysis and Opinion Mining| LREC’10 (2010)

[Seeing stars: Exploiting class rela-





